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Abstract 20 

 21 

Challenges in balancing freshwater demands and the long-term availability of freshwater from  small 22 

island aquifers warrants responsive management, whereby groundwater conditions guide decisions 23 

about pumping rates to avoid well salinization. We evaluate responsive freshwater lens management 24 

for the first time, through transient, three-dimensional, dispersive modelling of Bonriki Island 25 

(Kiribati). Both responsive- and fixed-management scenarios are explored, including a novel pumping 26 

redistribution strategy. Modelling results reveal that responsive management offers superior lens 27 

protection, particularly during droughts. Pumping redistribution produced lower salinities but greater 28 

lens depletion. All scenarios indicate that the Bonriki lens will continue to decline, consistent with 29 

previous shorter-timeframe projections. Lower lens storage losses are attainable by abstracting 30 

groundwater at the maximum acceptable salinity, contrary to traditional strategies of seeking the 31 

lowest available salinities. The methodology developed in this research provides a blueprint for 32 

investigating responsive, ñmonitor-and-reactò management scenarios, which we advocate as best 33 

practice for balancing freshwater demands with long-term lens security. 34 

 35 

Keywords: Atoll island; Saltwater intrusion; Wellfield operation; Sustainable yield; Drought   36 
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1. Introduction 37 

 38 

Fresh groundwater in islands is stored in lenses floating above underlying saltwater that are held in 39 

delicate balance by buoyancy forces, freshwater-seawater mixing and aquifer inflows and outflows. 40 

On small islands, freshwater lenses and rainfall are the two main sources of water for human 41 

consumption (White and Falkland, 2010; Werner et al., 2017). The main threats to freshwater lenses 42 

are pollution by anthropogenic contaminants and salinization by seawater. Safeguarding the available 43 

freshwater resources calls for water management strategies that are tailored towards the unique 44 

physiographic conditions encountered on islands. 45 

 46 

The abstraction of fresh groundwater from islands results in thinning of the lens, widening of the 47 

transition zone between the fresh groundwater and seawater, and in many cases, up-coning (e.g., 48 

Werner et al., 2017). Due to the increasing demand for water, mainly driven by population growth, the 49 

withdrawal of groundwater has increased in many islands (e.g., Ibrahim et al., 2002), and future 50 

changes in rainfall patterns are expected to affect freshwater availability (Alsumaiei and Bailey, 2018). 51 

Without sufficient knowledge of the groundwater system and recharge rates, there is a serious risk of 52 

over-exploitation. Much effort has therefore been devoted to determining the sustainable yield of 53 

freshwater lenses. Broadly defined as the rate at which groundwater can be extracted without adverse 54 

effects, the sustainable yield is often expressed as a percentage of the recharge, for example ranging 55 

between 25 ï 50% for atoll islands (Hunt and Peterson, 1980; White and Falkland, 2010). 56 

 57 

Numerical groundwater models play a key role in water management decision making and have been 58 

applied to a number of islands (see Werner et al. (2017) for a recent overview of atoll island 59 

examples). They provide a versatile tool for the comprehensive assessment of factors that may impact 60 

the sustainable yield of island aquifers, such as transient recharge and pumping variability , and solute 61 

mixing processes. The latter is particularly important, given the greater thickness of the transition zone 62 

relative to that of the freshwater lens in many cases (e.g., Buddemeier and Oberdorfer, 2004). 63 

Therefore, numerical models that simulate dispersive mixing may be the only appropriate tool to 64 
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assess abstraction effects in the context of the islandôs sustainable yield. Their application for 65 

sustainable yield estimation is limited though to islands where sufficient hydrogeological data are 66 

available. 67 

 68 

Several studies have adopted numerical models to design groundwater supply systems for atoll islands. 69 

Griggs and Peterson (1993) modelled the freshwater lens of the Laura area on the Majuro Atoll, 70 

Marshall Islands. They varied design criteria such as abstraction rate, number of wells, and well depth. 71 

It was concluded that the sustainable yield of horizontal galleries was roughly double that of 72 

individual pumping centres (i.e., drilled vertical wells). They also noted the absence of steady-state 73 

conditions due to the high temporal variability of recharge rates, and contended that a higher 74 

sustainable yield would be calculated when monthly recharge rates were modelled instead of yearly 75 

averages, as the latter underestimated actual recharge. Ghassemi et al. (1999) found that using monthly 76 

recharge rates instead of quarterly averages led to improvement in their modelôs ability to simulate 77 

observed groundwater salinities. They concluded that it is vital to consider the transience of the system 78 

at an appropriate temporal resolution during calibration. 79 

 80 

Post et al. (2018) investigated the long-term effects of abstraction from the freshwater lens of Bonriki 81 

Island, Tarawa Atoll, Kiribati. Groundwater is withdrawn using a network of infiltration galleries, 82 

which has been in operation since 1987. Growing water demand and upward revisions of the 83 

sustainable yield estimates have led to the abstraction of ever-greater amounts of groundwater. Water 84 

balance calculations by Post et al. (2018), based on a calibrated SEAWAT model, showed that nearly 85 

80% of the total abstracted volume since the start of operations is made up by freshwater that would 86 

have otherwise discharged into the ocean. The remainder was removed from storage within the 87 

freshwater lens, which consequently decreased in volume. Post et al. (2018) found that the storage 88 

volume decrease is almost linearly dependent on the total volume abstracted and showed no signs of 89 

abatement after 27 years. The salinity of the abstracted water on Bonriki Island has become much 90 

more responsive to droughts, as the transition zone has migrated upward and moved closer to the 91 

screens of most of the wells than in the past. 92 
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 93 

These negative developments call for a reassessment of the management of the Bonriki Water 94 

Reserve. The current water demand appears to exceed the capacity of the freshwater lens according to 95 

Post et al.ôs (2018) results, and therefore a reduction in abstraction is not considered a feasible option 96 

for the short-term, as there are no alternative water sources on the island to meet the possible water 97 

deficit (Jolliffe, 2017). Therefore, a strategy is needed to minimise freshwater lens vulnerability to 98 

salinization while maximising the provision of fresh groundwater to the islandôs populace. This paper 99 

presents a methodology to explore groundwater reserve management strategies applied to Bonriki 100 

Island (Kiribati) including several options, such as redistribution of pumping and land use 101 

management to increase recharge. This allowed the effectiveness of dynamic management of the lens 102 

based on drought indicators to be investigated 103 

 104 

The principles of dynamic management scenarios are predicated on adaptive management concepts 105 

(e.g., Williams, 2011). Specifically, the approach to managing the Bonriki lens adopted in this 106 

investigation is a form of trigger-level management (Werner et al., 2011), in that meteorological 107 

indicators and salinity levels are used to set the allowable abstraction volumes. Standard groundwater 108 

modelling codes are not well-suited to test the effectiveness of such operational management 109 

processes, because the rate of pumping is dynamic and not known a priori to simulation, and instead 110 

depends on the model outcomes. That is, to properly assess the anticipated mode of management, 111 

feedback mechanisms are required whereby pumping is moderated by lens behaviour. Enabling 112 

dynamic simulation of pumping rates based on management rules is an extension to previous 113 

modelling investigations of coastal aquifers (e.g., Ghassemi et al., 1999; Werner and Gallagher, 2006; 114 

Post et al., 2018). The calibrated numerical model of the Bonriki lens was therefore implemented as a 115 

script-based model using the FloPy library (Bakker et al., 2016), which enables the execution of a 116 

MODFLOW-based model in a Python programming environment. The objective of this article is to 117 

demonstrate the applicability of such models to design and evaluate the effectiveness of dynamic 118 

management procedures for fresh groundwater resources, in particular, where saltwater-freshwater 119 

interactions are critical. 120 
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 121 

2. Study area 122 

 123 

The island of Bonriki is part of the Tarawa Atoll in the Republic of Kiribati, located near the equator 124 

in the western part of the Pacific Ocean (Figure 1). The surface elevation is between 2 and 4 m above 125 

mean sea level. It is separated from the neighbouring Buota Island to the northeast by a tidal channel. 126 

On the ocean side is a beach on a rock platform from which a reef flat extends into the ocean. The 127 

island is located on the south-eastern tip of the atollôs lagoon. An aquaculture facility with 128 

approximately east-west oriented saltwater ponds is located in the southern part of the island Bonriki 129 

International Airport is located centrally on the island, and the fringes contain residential areas. 130 

 131 
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 132 

Figure 1. Locality map of Tarawa Atoll and Bonriki Island (taken from Post et al., 2018). 133 

 134 

Together with the smaller lens of the adjacent Buota Island, Bonriki Islandôs freshwater lens 135 

constitutes Tarawaôs National Water Reserve. Due to limited water resources on the island, land use is 136 

regulated; however, law enforcement is problematic. Extensive vegetation, primarily coconut trees and 137 

pandanus (Jolliffe, 2017), covers the lens area. Groundwater is abstracted by a system of infiltration 138 

galleries in the form of horizontal wells that are a few hundred metres in length just below the water 139 

table. These wells feed water into a central vertical shaft from which the water is pumped. After 140 

chlorination, the water enters the reticulated water system, through which the majority of water is 141 
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provided to the high population density regions of South Tarawa (notwithstanding significant leakage 142 

problems with the reticulation network). In 2014, groundwater was being abstracted at a rate of 1362 143 

m3/day (Post et al., 2018). 144 

 145 

The subsurface lithology is made up of Holocene clastic sediments that cover the underlying 146 

Pleistocene limestone. The latter was subjected to weathering during ocean low stands of the earthôs 147 

glaciations. The erosive surface that forms the boundary between the Holocene sediments and the 148 

underlying limestone is uneven and its depth varies by 3 to 6 m between drill holes. The Holocene 149 

material transitions from the lagoon to the ocean from (i) unconsolidated sand and gravel, into (ii) 150 

poorly cemented hard coral fragments, into (iii) consolidated coral deposits. Detailed descriptions of 151 

the geology of Bonriki Island are provided by Falkland and Woodroffe (2004) and Jacobson and 152 

Taylor (1981). 153 

 154 

Tarawaôs hot tropical climate is strongly influenced by El Niño-Southern Oscillation (ENSO) cycles, 155 

and thus the Southern Oscillation Index and Tarawaôs annual rainfall are strongly correlated (White et 156 

al., 2007). The period between May and November tends to be the driest, while most rainfall occurs 157 

from December to April. Daily rainfall observations have been made on Betio Island (see Figure 1 for 158 

location) since 1947. The average annual rainfall based on the measurements between January 1947 159 

and December 2013 was 1998 mm. Daily rainfall has been recorded at Bonriki Airport since 2009. 160 

Pan evaporation data collected on Betio Island between 1981 and 1991 yielded a mean pan 161 

evaporation rate of 6.15 mm/d, with a minimum of 5.5 mm/d in July and a maximum of 6.9 mm/d in 162 

September and October (Falkland, 1992). 163 

 164 

Increases in seawater temperatures due to future global warming are expected to lead to an increase in 165 

rainfall averages in the Pacific. Predictions of future rainfall as well as drought frequency and duration 166 

are based on global atmospheric circulation models. Drought periods are strongly correlated with the 167 

inter-annual La Niña cycles and sea surface temperatures (White, 2010). While the representation of 168 

ENSO cycles in such models has improved, different models still produce diverging projections of 169 



9 

changes in frequency, intensity and patterns of future El Niño and La Niña events (BoM and CSIRO 170 

2011). For Kiribati, BoM and CSIRO (2014) indicate with medium confidence that the annual as well 171 

as the seasonal mean rainfall will increase, and that the incidence of droughts will decrease. 172 

 173 

3. Methodology 174 

 175 

The modelling technique adopted in assessing the efficacy of management scenarios on the Bonriki 176 

freshwater lens involved the development and application of a novel feedback mechanism, whereby 177 

pumping was restricted according to aquifer conditions; in a similar manner to the operational 178 

procedure that is projected to occur when/if the freshwater lens exhibits signs of future stress. A suite 179 

of future scenarios was considered, and the corresponding simulated management practices were 180 

evaluated, in terms of their effectiveness, based on the predicted salinities (expressed as the waterôs 181 

electrical conductivity, EC) of the abstraction wells. From these, management rules were formulated 182 

that aim to minimise the long-term effects of abstraction on the freshwater lens while optimising the 183 

access to fresh groundwater (i.e., EC below 1.5 mS/cm) for the population of South Tarawa. This was 184 

achieved through the placement of constraints on the abstraction rates during droughts so that 185 

unacceptable negative impacts from prolonged periods of low recharge are minimised. Firstly, a 186 

calibrated numerical model was developed for this purpose using the SEAWAT code. The calibration 187 

procedures and results are described in detail in Bosserelle et al. (2015), Galvis et al. (2016) and Post 188 

et al. (2018). The design of management procedures took into consideration various aspects that 189 

determine the condition of the lens, i.e., rainfall, land use and abstraction regimes, as will be detailed 190 

in the following subsections. 191 

 192 

3.1 Rainfall 193 

 194 

The spatially distributed and transient recharge required for the numerical model was determined using 195 

the WATBAL code, which has formed the basis for estimates of rainfall recharge to the Bonriki lens 196 

in several previous modelling studies (Alam et al., 2002; Falkland and Woodroffe, 2004; Post et al., 197 
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2018). Rainfall inputs to WATBAL were required for future scenarios, which were developed for an 198 

evaluation period spanning the years 2015 ï 2044 (i.e., 30 years). This was preceded by simulation of 199 

the conditions occurring during January 1997 ï December 2014, which encompassed the calibration 200 

period for the transient model and represents the historical period with the most intensive abstraction. 201 

 202 

Uncertainty in future predictions of changes in inter-annual rainfall variability, as mentioned above, as 203 

well as the unknown response of evaporation to changes in climatic variables such as temperature, 204 

form an obstacle in parametrising the recharge to the freshwater lens for predictive model scenarios 205 

(White, 2010). Therefore, instead of relying on uncertain projections, the daily measured rainfall data 206 

from January 1986 to December 2014 were used as input for the recharge calculations for the period 207 

January 2016 to December 2044. The selected historical rainfall record includes 5 years of high 208 

rainfall (1990 ï 1994) as well as a three-year drought (1998 ï 2000), which was the severest event 209 

since measurements started in 1947. This three-year drought occurs during the years 2028 ï 2030 in 210 

the rainfall time series adopted for scenario analyses. Actual measurements were used for the year 211 

2015. 212 

 213 

The unmodified historical rainfall as a proxy for the future rainfall is referred to as rainfall scenario 214 

S1. Additionally, two scenarios were designed in which different drought characteristics were 215 

considered. In rainfall scenario S2, a six-year drought was implemented by replacing the daily data for 216 

the relatively wet year 2027 (which maps onto 1997 in the historical record) with the averages of the 217 

years 1995, 1996, 1998, 1999 and 2000. By doing this, the rainfall of 2025 ï 2030 was lowered from 218 

1213 mm/y to 808 mm/y (on average). In rainfall scenario S3, a repeated drought is considered by 219 

using the 1996 ï 2014 rainfall observations for the period 2016 ï 2034, and the 1996 ï 2005 data for 220 

the years 2035 ï 2044, which means that the 1998 ï 2000 dry years are repeated twice in the future 221 

scenario, i.e., during the years 2018 ï 2020 and 2037 ï 2039. The monthly rainfall values are 222 

displayed graphically in Figure 2. 223 

 224 
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 225 

Figure 2. Monthly rainfall for the period January 1995 to December 2044 for rainfall scenarios (a) S1, 226 

(b) S2, and (c) S3. The green line shows the R12 trends for the rainfall time series, where R12 is 227 

obtained by first summing the monthôs rainfall and that of the preceding 11 months, and ranking this 228 

relative to other 12-month sums (Post et al., 2018). The green shading indicates periods with R12 < 229 

25%. The orange bars are used to highlight the replicated 1998 ï 2000 drought period. The red bars 230 

indicate the values used for the year 2027 in rainfall scenario S2, in which each month was the average 231 

of the corresponding month in the years 2025, 2026, 2028, 2029 and 2030. 232 

 233 

3.2 Land use 234 

 235 

The original calibrated model adopted five recharge zones and considered the period 1997 ï 2014. In 236 

2015, the vegetation was cleared in a significant part of the Bonriki Water Reserve for the installation 237 

of solar panels. The modified land use of this zone was included in the model during the years 2015 ï 238 

2044 (Figure 3), with the effect of vegetation clearing on recharge evaluated using WATBAL.  239 
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 240 

 241 

Figure 3. Zonation of recharge in the numerical simulations and the location of infiltration galleries, 242 

overlain on a close-up of the model grid. The yellow area indicates zone 6, which experienced higher 243 

recharge rates since September 2015 when the vegetation was cleared and solar panels were installed. 244 

Prior to this, it was part of recharge zone 1. 245 

 246 

3.3 Abstraction 247 

 248 

Three future abstraction regimes were considered, referred to as Q1 to Q3 in the following. In the first 249 

(Q1), it was assumed that the total abstraction rate becomes 1660 m3/d as of July 2014, which is the 250 

first month for which no actual, measured abstraction rates were available at the time of this analysis. 251 

The abstraction rate is kept steady and is distributed in relative proportions over the 21 operational 252 

galleries based on the original design-yield of each of the pumping galleries (Alam et al., 2002; 253 

Falkland, 2003) (Figure 3). This abstraction regime represents a no-management approach to drought, 254 

with abstraction for each pumping gallery at its original design rate. 255 
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 256 

The second regime that was considered (Q2) involved redistributing the abstraction rates between 257 

individual galleries based on a sensitivity ranking. The ranking was determined by repeatedly running 258 

the model with rainfall scenario S1 and abstraction regime Q1, but with abstraction at each gallery 259 

increased by 80 m3/day one gallery at a time. The sensitivity was measured by the resulting increase of 260 

the salinity of the water at the trunk main, which collects the water from all galleries. The salinity 261 

increase was taken as the average EC value over the years 2029 ï 2031, i.e., following the 2028 ï 262 

2030 drought by a lag time of 12 months to account for the delayed response of the abstraction water 263 

salinity to low-recharge conditions. The abstraction rates of the four most sensitive galleries (i.e., 1, 264 

17, 2 and 20) were scaled back by 45, 45, 22.5 and 22.5 m3/day, respectively, while the abstraction 265 

rates of the six least sensitive galleries (i.e., 7, 9, 11, 12, 13 and 22) were each increased by 22.5 266 

m3/day. The total abstracted rate thus remained constant at 1660 m3/day. 267 

 268 

The third abstraction regime (Q3) built upon Q2, in that the redistributed pumping rates from Q2 were 269 

used as the target (or starting) values in Q3. The sensitivity analysis that was run prior to Q2 (see 270 

above) was re-run to recalculate the sensitivities with Q2 pumping rates in place. The results of this 271 

are provided in Table 1, which lists the wells with the highest/intermediate/lowest sensitivities; noting 272 

that these have changed compared to sensitivities used to determine the pumping redistribution in Q2 273 

(see above). Relative to Q2, an additional set of more sophisticated rules was adopted to minimise the 274 

impact of drought on the lens (i.e., in the form of trigger-level management). A period during which 275 

R12 < 25% is called a warning period under this regime. The rules tested were formulated as follows: 276 

1. If R12 < 25% and the EC at the trunk main exceeds 1 mS/cm at any stage in a 3-month period, 277 

the abstraction rates of galleries with EC > 1 mS/cm are reduced by a predetermined level at 278 

the end of that 3-month time-step (Table 1). Galleries with EC > 2.5 mS/cm are switched off. 279 

The reduction becomes effective during the subsequent 3-month period. 280 

2. If R12 Ó 25% and the EC at the trunk main exceeds 1.2 mS/cm at any stage during a 3-month 281 

period, the abstraction rates of galleries with EC > 1 mS/cm are subsequently reduced for 282 

three months as indicated in Table 1, and galleries with EC > 2.5 mS/cm are switched off.  283 
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3. While the conditions under 1 or 2 are in effect, a gallery can only be restored to its full 284 

pumping capacity if the EC of the water it abstracts falls below 0.9 mS/cm at the end of each 285 

3-month period. Once these conditions are no longer in effect, the relevant galleries are 286 

restored to their full capacity. 287 

 288 

Table 1. Reduction in abstraction from individual galleries based on their sensitivity, as part of the 289 
responsive management rules simulated in abstraction regime Q3.  290 

Sensitivity EC change at the trunk 

main (mS/cm)a 

Galleries Reduction in Q3 

abstraction (m3/d) 

High > 0.4 4, 7, 8, 9, 10, 11 and 19 50 

Medium 0.1 ï 0.4 3, 5, 6, 12, 14 and 15 30 

Low < 0.1 1, 2, 13, 16, 17, 20, 21 and 

22 

20 

a Average change in EC over the years 2029 ï 2031 in response to a pumping increase of 80 m3/day 291 

for simulation S1Q1. 292 

 293 

For abstraction regime Q3 (i.e., ñresponsive abstractionò), the 30-year future simulation period was 294 

subdivided into 120 sequential model runs of 3-months duration. The first 3-month period, starting on 295 

1 July 2014, used the calculated heads and concentrations of the calibrated model as starting 296 

conditions. A central control program, written in the Python programming language, runs the 297 

SEAWAT model and reads in the concentrations at the end of each 3-month period using the FloPy 298 

library (Bakker et al., 2016). It implements the above management rules to decide for which galleries 299 

the abstraction rate will  be reduced during the subsequent 3-month run. The main program sequence is 300 

displayed graphically in Figure 4. The heads and the concentrations at the end of a 3-month model run 301 

are used as initial conditions for the subsequent model run. The program also calculates the freshwater 302 

lens volume (Vf) and other water balance components at the end of each model run, and the numbers 303 

for the entire 30-year period are recorded in spreadsheet files for post-processing. This on-the-fly 304 

processing of model outcomes (requiring minimal extra computation time) has the additional 305 

advantage that the size of the output files remains small, as the results of 3-month simulations keep 306 

getting overwritten. 307 
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 308 

 309 

Figure 4. Schematic diagram showing the main program flow used in the script-based approach to 310 

evaluate management scenarios. In this study, the loop depicted by the circle was executed 120 times 311 

and each model run lasted 3 months, bringing the total simulation period to 30 years. 312 

 313 

Model simulations are denoted by a label that is composed of the rainfall scenario and abstraction 314 

regime. For example, model simulation S2Q3 is for the responsive abstraction regime (Q3) applied to 315 

rainfall scenario S2. The third abstraction regime was not implemented for rainfall scenario S1, but 316 

otherwise all combinations of rainfall scenario and abstraction regime were considered, resulting in 317 

eight simulations (Table 2). A no-abstraction regime (Q0) was also run with each rainfall scenario, 318 

bringing the total number of simulations to eleven. 319 

 320 

Table 2. Model simulation names.  321 

Abstraction regime 

Rainfall scenario 

S1 S2 S3 

Q0 (no abstraction) S1Q0 S2Q0 S3Q0 
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Q1 (original) S1Q1 S2Q1 S3Q1 

Q2 (redistributed) S1Q2 S2Q2 S3Q2 

Q3 (responsive)  S2Q3 S3Q3 

 322 

3.4 Model output 323 

 324 

The effectiveness of management scenarios was evaluated from model outputs of: (1) the freshwater 325 

lens volume (Vf), (2) pumped water volumes (QA), and (3) the salinity of pumped groundwater. 326 

Modelled concentrations were used to determine Vf, which was calculated by summing saturated 327 

volumes in cells containing groundwater with EC < 2.5 mS/cm, at the end of each stress period. The 328 

effect of pumping on the size of the freshwater lens was assessed in terms of the difference between 329 

modelled freshwater volumes without abstraction (Vf,na) and with abstraction (Vf,a), as ȹVf = Vf,na - Vf,a. 330 

The total abstracted volume of groundwater (Vabs,tot) was defined as: 331 

  abs,tot A,

1

N

i iV Q t= Dä  (2) 332 

where QA,i is the volumetric abstraction rate for month i (m3/d), and ȹti is the length of month i in days 333 

(28 Ò ȹti Ò 31). The total number of months since the start of pumping on 1 January 1987 was N = 334 

696. 335 

 336 

The model results were compared to R12 (see Figure 2), which is a drought index used in Kiribatiôs 337 

water management and drought response plans (e.g., White et al., 2008). R12 represents the rank of the 338 

12-month rainfall total relative to other 12-month sums (for the same month) for the rainfall scenario 339 

being evaluated. That is, an R12 value of 100% means that the current month and previous 11 months 340 

were wetter than any other 12-month period with the same start and end months. 341 

 342 

4. Results 343 

 344 

4.1 Effect of rainfall scenarios 345 
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 346 

Figure 5 shows the development of the abstracted water EC at the trunk main for rainfall scenarios S1, 347 

S2 and S3 (July 2014 to December 2044), and for the three abstraction scenarios Q1, Q2 and Q3. The 348 

difference in the calculated EC between the rainfall scenarios demonstrates how sensitive the lens 349 

condition is to changes in recharge. This is borne out especially by the difference between rainfall 350 

scenarios S1 and S2, which are identical except for the year 2027, which was much dryer in scenario 351 

S2 than in scenario S1. The effect on the salinity of the abstracted groundwater is substantial: while 352 

the EC only just exceeded the critical limit of 1.5 mS/cm for two brief periods of a few months in 353 

simulation S1Q1, the 1.5 mS/cm limit was well exceeded for a period of about 3 years in simulation 354 

S2Q1. Even more remarkably, the exceedance of the 1.5 mS/cm EC limit in 2043 and 2044 in S2Q1, 355 

but not in S1Q1, is the result solely of the year 2027 being drier in rainfall scenario S2 than in S1.  356 

  357 
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 358 

Figure 5. Results of model simulations for rainfall scenarios: (a) S1, (b) S2, and (c) S3. The EC is 359 

shown in red, whereby solid lines, dotted lines and dashed lines are for, respectively, the abstraction 360 

regimes of pumping at the original design yield (Q1), pumping redistribution (Q2), and pumping 361 
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restrictions based on aquifer response and occurrences of drought (Q3). Red shaded areas show 362 

regions of EC variation between abstraction scenarios when EC > 1.5 mS/cm. The green line shows 363 

the R12 trend for the rainfall time series and green shaded areas indicate warning periods (i.e., R12 < 364 

25%). Light blue bars show pumping for pumping regime Q3 (negative values) and dark blue bars 365 

shown recharge rates (i.e., QR). The EC limit of 1.5 mS/cm is indicated. 366 

 367 

During and after the first 3-year drought (2018 ï 2020), the trunk main EC in simulation S3Q1 reaches 368 

levels of over 2 mS/cm for several consecutive months. Bearing in mind that the 2035 ï 2044 369 

sequence is the same as the 2006 ï 2015 in scenario S3, it is interesting to note that the same 3-year 370 

drought (now spanning the years 2037 ï 2039) provokes a much stronger salinity response (Figure 5c). 371 

EC values reach over 4 mS/cm and the 1.5 mS/cm threshold is exceeded for a continuous period of 372 

about 4 years, and even persists during the first months of the following above-average rainfall period. 373 

 374 

This behaviour can be better understood by observing the temporal variability of Vf, which is shown in 375 

Figure 6. The main difference between rainfall scenarios S1 and S2 is that in scenario S1, the 376 

persistent decrease in Vf during the years 2025 ï 2031 of scenario S2 is interrupted by a circa one-year 377 

period of recovery in 2027. This means that in simulation S1Q1, Vf only drops below a value of 4 × 378 

106 m3 during the years 2030 and 2031, which is when the salinities are at their highest. In simulation 379 

S2Q1 on the other hand, Vf falls to values of just over 2 × 106 m3 during those same years, which 380 

indicates that the lens is in a poorer condition overall and explains why the salinities rise much higher 381 

and for a much longer period of time. The same reasoning applies to explain the difference in the 382 

response to the 3-year droughts in rainfall scenario S3. While the lens is in a relatively poor state 383 

during the 2018 ï 2020 drought, its condition is worse during the drought of 2037 ï 2039. This is 384 

reflected in simulation S3Q1 by much higher salinities of the abstracted water during the latter 385 

compared to the former (Figure 5c). 386 

 387 
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 388 

Figure 6. Results of model simulations for rainfall scenarios: (a) S1, (b) S2, (c) S3. The lens volume 389 

(Vf) is shown in red, whereby solid lines, dotted lines and dashed lines are for, respectively, the 390 

abstraction regimes of pumping at the original design yield (Q1), pumping redistribution (Q2), and 391 
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pumping restrictions based on aquifer response and occurrences of drought (Q3). The green line shows 392 

the R12 trend for the rainfall time series and green shaded areas indicate warning periods (i.e., R12 < 393 

25%). Light blue bars show pumping for pumping regime Q3 (negative values) and dark blue bars 394 

shown recharge rates (i.e., QR). 395 

 396 

Post et al. (2018) noted that the historical pumping regime of the Bonriki lens caused ȹVf (i.e., the 397 

ñlens storage deficitò) to increase virtually unabated as a function of Vtot, indicating that the stressed 398 

system had not yet reached a new (dynamic) steady state. The assumed future rainfall scenarios in the 399 

current study allow for an extended period of analysis of EC and Vtot trends relative to that of Post et 400 

al. (2018), as shown in Figure 7. The lens storage deficit appears to level off in all rainfall scenarios, at 401 

least temporarily, in 2015, soon after the 1948 ï June 2014 period considered by Post et al. (2018). In 402 

rainfall scenarios S1 and S2, there is even a reversal of the trend, which indicates a phase of lens 403 

recovery that persists, with a brief interruption during the years 2018 ï 2021, until the 2025 drought 404 

sets in. The wetter year of 2027 in rainfall scenario S1 leads to a brief pause of the increase ȹVf, while 405 

ȹVf continues to increase unabated at a rate of approximately 0.3 × 106 m3/yr in scenario S2. In rainfall 406 

scenario S3, there are no prolonged periods of high enough rainfall for the lens to recover, except for 407 

the periods 2023 ï 2028 and 2043 ï 2044, when a slight decrease of ȹVf can be observed for 408 

simulations S3Q1 and S3Q2 (Figure 7). 409 

 410 
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 411 

Figure 7. Graph showing the pumping-induced depletion of the lens (ȹVf) plotted versus the total 412 

volume of pumped groundwater (Vabs,tot) for rainfall scenarios: (a) S1, (b) S2, and (c) S3. The last 27 413 

years of the calibration period (1987-2014) is also shown. The blue arrows mark the start of years for 414 


